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An Overview of User Modeling Approaches and
Their Social Network Information Exploration for

Tourism Recommendation Systems

Wanarat Juraphanthong and Kraisak Kesorn'

ABSTRACT

The Tourism Recommendation System (TRS) is useful for tourists in itinerary
planning and for tourism stakeholders in advertising. TRS allows tourists to spend less time
searching for information and enables easier decision making to buy services from tourism
providers. The key for TRS is a user model to store user preference information in such a way
that it is easily retrievable for analysis. However, constructing a user model is very challenging.
For example, there is inadequate information for a new user; this is called the “cold start
problem”. Therefore, several researchers are trying to overcome such problems by exploiting
useful information from social networks freely available on the Internet. In this paper, we have
surveyed and summarized the ideas for user interest extraction from various social networks.

In addition, several challenges for constructing a user model for TRS are addressed.

Keywords: cold start problem, user interests extraction, social network, recommendation system
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6.3 M3AI9 BUUULTIAIELF (User Model Validation)
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