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Artificial Neural Network for Solid Dosage Form Applications
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Abstract

The artificial neural network (ANN) is a mathematical structure designed to
mimic the information processing functions of a network of neurons in the
brain, which can learn from experience. Briefly, the general structure of
ANN has input layer, hidden layer, and output layer. Each layer has a few
units corresponding to neurons. The units in neighboring layers fully
interconnected with links between two units are called weights. ANNs
usually learn or train through experience with back propagation algorithm.
The ANN model has predicted and formulated optimization. The ANN
models can be used to predict the response for new experimental
conditions after the models are trained. ANN technique can be used for

optimizing tablet formulation effectively.
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