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Abstract

In this paper, the edge location methods of closed-circuit television images used for canal water level
measurement and early warning are studied and compared. The purposes are: 1) to study the edge location
methods of closed-circuit television images used for canal water level measurement and early warning; 2)
Compare the edge location methods of closed-circuit television images for canal water level measurement and
early warning. In this paper, based on the research on the early warning of canal water level change, Euclidean
distance is used to locate the canal water level change. According to the experimental results, the three error
values are compared by MSE, RMSE and MAD, and the image edge location method with the most error
values is eccentric image edge method. MSE = 9,238.016, RMSE = 96.1146 and MAD value = 86.30894 and
the method of finding the image edge with the minimum error value are the methods of finding the second

derivative image edge with MSE = 5.642276, RMSE = 2.375348 and MAD value = 1.44715
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