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Abstract
The current climate change increases the heavy rainfall and results in flooding. A regional
climate model (WRF - ECHAMS5) has been used for rainfall prediction. An Atrtificial Neural Network
Model (ANN) is used for flood forecasting worldwide. This research uses rainfall data from WRF
— ECHAMS5 (Weather Research and Forecasting - ECHAM5) model as the input data during 1980-
2006 for water level forecasting applying Artificial Neural Network Model (ANN) to find out the

suitable model architecture for forecasting by comparison learning algorithms Levenberg-Marquardt
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(LM) and Bayesian Regularization (BR), including setting different numbers of hidden node that are

based on number of input variables (50%, n, n+50% and 2n). Moreover, different types of input data

between rainfall from grid and moving average rainfall are compared. The results show that the

suitable Artificial Neural Network architecture is LM learning algorithm and number of hidden nodes

should be 50% of number of input variables. In addition, using moving average rainfall better than

using both rainfall from grid and moving average rainfall.

Keywords: Artificial Neural Network, WRF-ECHAMS, Forecasting, Water Level
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