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Abstract
The aim of the writing of this academic paper is to explain the procedure of particle
swarm optimization or PSO via the demonstration of simple examples. The benefit is to extend
understanding and to be able to apply PSO on many problems in various fields. This paper
presents the applications of PSO on two types of problems. The first type of problems is
the unconstrained optimization problem which needs to find out the values of its real number
variables and the second type of problems is the combinatorial problem. These two types of the

problems are important for the operations research field.

Keywords: PSO, Particle Swarm Optimization, Unconstrained Optimization Problem, Combinatorial

Problem; Operations Research
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